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Fig. 2 Interval division diagram of simulation results
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Identification Method for Control Parameters of Doubly-Fed Induction
Generator Based on LSTM Neural Network

XUE Fei!, LI Honggiang', L1 Xutao', XU Hengshan?
(1. Electric Power Research Institute of State Grid Ningxia Electric Power Co., Ltd., Yinchuan 750001, China; 2. College of Electrical
Engineering & New Energy, China Three Gorges University, Yichang 443002, China)

Abstract: Since it is difficult to obtain highly accurate control parameters of the electromagnetic model of a doubly-fed induction
generator (DFIG) under transient conditions, a high precision identification method for the control parameters of DFIG based on long
short-term memory (LSTM) neural network was proposed. Firstly, the RT-LAB hardware-in-the-loop (HIL) simulation platform was
used to measure and obtain the HIL data of the DFIG controller, and the identification model of DFIG was built in the Plecs platform.
Secondly, the Person correlation coefficient method was used to extract highly correlated features and train the neural network.
Finally, the proposed LSTM neural network was used to identify the control parameters of DFIG and compare them with the
measured data. As a result, the feasibility, effectiveness, and practicability of the proposed method were verified. The results show
that compared with the traditional identification methods, the proposed parameter identification method based on LSTM neural
network can effectively improve the identification accuracy of the control parameters of the electromagnetic model of DFIGs under
transient conditions.
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